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Aggregate consumer ratings and booking intention: the role of brand image

Abstract

The very nature of tourist services implies that consumers consider all available cues when
making hotel bookings. Information obtained via the Internet is an especially important cue,
and the findings of numerous studies highlight the importance of peer-generated information
— electronic word-of-mouth (eWOM) — in consumers’ decision-making processes. Along with
eWOM, however, traditional marketing signals such as brand image and price still affect
consumer behaviour. Thus, this study analyses the effect of eWOM (i.e. global hotel ratings)
on purchase intention, considering the role of brand image. Two online scenario-based
experiments designed using real information from TripAdvisor were conducted. The final
sample comprised 260 participants. Variation in hotel ratings modified consumers’ purchase
intentions, with brand image playing a significant role in this relationship. The effect of
eWOM on consumer purchase intentions was higher (lower) for hotels with a poorer (better)
brand image. The results of the analysis imply that price can potentially help to prevent the
negative effect of poor ratings.

Keywords Online consumer reviews - eWOM - Hotel brand - Booking intentions -
Hospitality management



1 Introduction

The widespread use of Internet technology has changed the way consumers choose and book
hotels (Xie et al. 2011). Increasingly, travellers access the Internet to book hotel rooms via
third-party intermediaries (Line and Runyan 2012). The term ‘electronic intermediaries’
(sometimes referred to as ‘eMediaries’) covers a range of organizations, including
infomediaries, that let users exchange information through electronic word-of-mouth
(eWOM) (Aldebert et al. 2011). As a kind of user-generated content, eWOM consists of
various forms of publicly available media content created by end users. The importance of
this peer-generated information in consumer decisions and preferences is widely accepted in
the tourism industry (Viglia et al. 2014), and it has revolutionized the way people search for
information (Jang et al. 2012; Litvin et al. 2008).

In hospitality, consumers struggle to evaluate a service before consumption because of its
inherent intangibility, inseparability and heterogeneity (Gronroos 1990). These characteristics
of the hospitality service increase the perceived risk in the purchase decision process (Sun
2014). Thus, consumers use all available evaluative cues to reduce perceived risk when
making a purchase decision. Among these cues, information from infomediaries is especially
relevant in the hotel industry during the pre-purchase stage (Serra-Cantallops and Salvi 2014)
because many travellers consult third-party review sites before booking hotel rooms
(Anderson 2012).

The wide variety of information available on websites, however, is often overwhelming for
consumers, and choosing the right service online can be exhausting (Kostyra et al. 2016).
Thus, consumers consider additional marketing signals and cues to help them to determine
service attributes when purchasing a service (Sun 2014; Wu et al. 2012). In fact, the risk
associated with buying decisions drives consumers to gather additional information (Murray
1991) that could affect how eWOM influences their purchase decisions. Understanding how
eWOM affects customers’ behaviour and interacts with other cues is a major challenge for
academics and managers. Yet most studies neglect the potential influence of other variables
that are nonetheless also important in helping customers to mitigate uncertainty when making
purchase decisions. Few papers analyse the effect of interactions between eWOM and other
cues (e.g. Ho-Dac et al. 2013; Lovett et al. 2013; Noone and McGuire 2014). The present
study contributes to this research stream.

Two traditional signals and cues are considered in this paper: the hotels brand’s reputation
and prices. The hotel brand’s reputation is among the most important signals. A hotel with a
good brand image is more credible, and consumers will perceive less risk and will be more
willing to purchase (Wu et al. 2012). Even when consumers have not directly experienced a
product or service, exposure to the brand name creates a certain degree of familiarity (Grewal
et al. 1998) so that consumers can make inferences about quality (Zeithaml 1988). In online
environments, Lee and Tan (2003) reported that consumers tend to shop for products with
strong brand names. Price is another signal used by consumers to infer service quality and
perceived risk in the context of asymmetric information. Accordingly, price can also have an
important impact on consumer purchase intention. Several authors (e.g. Chang and Wildt
1994; Dodds et al. 1991; Noone and McGuire 2014) have studied the effect of price on
consumers’ pre-purchase reactions in the presence of other signal and cues, showing that its
effect is lower as other signals and cues arise. In the hospitality context, Noone and McGuire
(2014) found that when price and user-generated content (both written reviews and aggregate
ratings) are available to the consumer, user-generated content dominates price in terms of
consumers’ pre-purchase quality perceptions.

Hence, this paper responds to the growing need to understand how different elements of
online information searching and booking influence consumer behaviour, mainly the



propensity to book a hotel room (Vermeulen and Seegers 2009). The current paper contributes
to the literature by examining the effect of interactions between eWOM and brand and price
within the context of a service business. Gaining a better understanding of how these factors
influence consumers’ booking behaviour under realistic conditions is relevant for both
practitioners and academics.

The aim of this research is to analyse the influence of eWOM on consumers’ purchase
intentions to book a hotel room. We also consider the effect of brand image. Our inclusion of
brand image as a moderating variable adds to the literature on purchase intention, enriching
this stream of research on eWOM in the hospitality industry. This research also considers the
effect of price, which is an indicator of the sacrifice needed to purchase a product and of
quality, both of which affect the perceived risk and, consequently, purchase intention.

To achieve these goals, the rest of the paper is organized as follows. Section 2 presents a
review of relevant literature and develops the central hypotheses. Section 3 articulates the
method and explains the empirical approach. Section 4 presents the main results. Section 5
describes the principal conclusions and managerial implications.

2 Literature review

2.1 The importance of electronic word-of-mouth (eWOM)

One of the factors consumers consider in their decision-making processes is word-of-mouth
(WOM), defined as ‘informal, person-to-person communication between a perceived non-
commercial communicator and a receiver regarding a brand, product, an organization, or a
service’ (Harrison-Walker 2001, p.63). The importance of WOM has long been a relevant
topic for marketing researchers and practitioners (Gruen et al. 2006) because customers often
rely on word-of-mouth recommendations to influence many types of purchase decisions (Hess
and Ring 2015).

The Internet revolution has profoundly changed the way information is distributed (Buhalis
and Law 2008) and has given rise to a new form of WOM: electronic WOM (eWOM).
According to Litvin et al. (2008, p.461), eWOM can be defined as ‘all informal
communications directed at consumers through Internet-based technology related to the usage
or characteristics of particular goods and services, or their sellers’. Although WOM and
eWOM are conceptually similar in terms of interpersonal influence, eWOM is more
influential because of its accessibility (Chatterjee 2001), one-to-many reach, speed of
interaction, convenience, and absence of face-to-face human pressure (Sun et al. 2006).

In the electronic environment, consumers can easily share their opinions on companies,
products and services with other Internet users while potential customers can easily access
these online reviews (Dellarocas 2003) on an unprecedented scale in real time. Nevertheless,
the proliferation of consumer reviews on the Internet means that consumers face the
complicated task of filtering and analysing this information (Zhan et al. 2009). Hence, many
websites that support eWOM communications provide easy-to-process information such as
aggregate customer ratings (e.g. 1-5 star ratings). These ratings summarize the texts, provide
an average of individual consumers’ evaluations and act as indicators of product quality
(Noone and McGuire 2014; Tsang and Prendergast 2009).

The influence of eWOM is especially strong in the tourism industry (Papathanassis and
Knolle 2011). Litvin et al. (2008) reported that eWOM 1is the most important source of
information when consumers are deciding to purchase hospitality and tourism services. In
addition, social interactions play a major role in the online travel community (Sigala 2012;
Xiang and Gretzel 2010). Several studies have shown that online consumer reviews



significantly affect consumer decision-making and purchasing processes and therefore
influence product performance (Chevalier and Mayzlin 2006).

In general, scholars have conducted either market-level or individual-level studies (Lee and
Lee 2009). At the market-level, eWOM has been linked to other market outcomes such as
sales and revenues. Generally, market-level studies use an econometric approach with
secondary data on reviews (e.g. average rating, dispersion of ratings and volume of reviews)
collected from websites to examine the effect of eWOM on product sales (e.g. Ye et al. 2011).
Individual-level studies, in contrast, take eWOM as being related to individual-level
parameters such as purchase intention, attitude, information adoption and trust (Mauri and
Minazzi 2013; Sparks and Browning 2011; Sparks et al. 2013; Vermeulen and Seegers 2009;
Xie et al. 2011). Most of these (experimental) studies have analysed written comments rather
than aggregated ratings, and valence (positive or negative) has been one of the most widely
considered variables.

Several studies have shown that negative information usually has a stronger influence than
either neutral or positive information does (Herr et al. 1991; Xie et al. 2011). Herr et al.
(1991) found that negative reviews tend to be more diagnostic or informative than positive or
neutral reviews are. The more informative nature of negative reviews may be a consequence
of the loss aversion principle in prospect theory (Kahneman and Tversky 1979), which asserts
that a potential loss affects consumer perceptions and decision-making more than an
equivalent gain does because the value function is steeper for losses than it is for gains. Xie et
al. (2011) reported that even when consumers initially have a positive impression of the hotel,
negative eWOM is more powerful than positive eWOM is in influencing consumers’ booking
intentions. Conversely, some studies have shown that positive information exerts a stronger
influence on brand choice than negative information does (East et al. 2008). Vermeulen and
Seegers (2009) found that while all reviews (positive or negative) increase consumers’
awareness of a hotel’s existence, negative reviews actually worsen consumer attitudes.
Nonetheless, the awareness of the hotel generated by eWOM compensates for the effect of
negative reviews, particularly if the number of negative reviews is low.

Regarding aggregate consumer ratings, several authors (Chen 2008; Sparks and Browning
2011) have suggested that categorical rating information has a greater effect on product
purchase decisions than detailed information does. Further, consumer confidence in aggregate
consumer ratings rises as the number of reviews increases (Park et al. 2007) because a larger
number of ratings indicates stronger objectivity and widespread familiarity with the product
(Hong and Park 2012). Regarding valence, Hong and Park (2012) reported that negative
statistical information is perceived as more credible than negative narrative comments are,
whereas the credibility of positive statistical information is the same as that of positive
narrative comments. Viglia et al. (2014) found that consumer preference for a hotel increases
with the number of comments, regardless of whether the average rating is high or low. This
result is mediated by demographics: young people — especially men — are less influenced by
popularity, instead relying on quality.

Noone and McGuire (2014) reported that consumers rely more on comments than on
ratings when evaluating price-benefit trade-offs, probably because of the diagnostic
capabilities of comments — in terms of both capturing recent product/service changes and
providing information quality (information relevance). In fact, consumers struggle to detect
whether an overall rating reflects an assessment of the service attributes they consider
relevant. When reading narrative reviews, however, consumers can easily focus on comments
that are important to them and that offer pertinent insights into service attributes, dismissing
comments that are irrelevant to the purchase decision.

In an attempt to integrate these two streams of research, Noone and McGuire (2014)
suggested that the importance of written reviews and aggregate ratings might vary at each



stage of the decision-making process. Consumers may use aggregate ratings to choose a
consideration set, and then focus on the selection within that consideration set to obtain
qualitative review data. According to Viglia et al. (2014), the consumer starts a hotel search
by inserting the desired destination and dates of travel to yield a list of available hotels (the
total set). In infomediaries like TripAdvisor.com, the consumer continues the search process
by removing irrelevant hotels according to their aggregate rating and number of reviews to
yield a smaller list of hotels (consideration set). The consumer then further examines some of
these hotels by clicking on their icon to obtain additional information (e.g. cleanliness, staff,
location, price and detailed reviews by consumers). The outcome of this stage is a smaller
‘choice set’ from which the consumer makes the final decision of which hotel to book. Jones
and Chen (2011) found support for this theory in a recent empirical study, reporting that hotel
consideration sets contain 10 hotels on average, whereas choice sets contain four hotels on
average. This funnelling process helps consumers to choose a hotel by building a small set of
comparable alternatives.

The literature review in this section shows that both positive and negative eWOM
influences consumer behaviour. We therefore propose the following hypotheses:

H1la The higher the aggregate eWOM ratings of a hotel, the higher the customers’ intention to
book the hotel.
H1b The lower the aggregate eWOM ratings of a hotel, the lower the customers’ intention to
book the hotel.

2.2 Brand image in the influence of ratings on booking intention

The risk associated with purchasing drives consumers to gather additional information on
products (Murray 1991). Particularly, the intangibility and experiential nature of services
contributes to high consumer uncertainty about service offerings (Groénroos 1990).

In general, consumers rely on several extrinsic cues for quality inference and risk reduction
when purchasing products (Huang et al. 2004). This occurs in situations where the consumer
lacks adequate information about intrinsic product attributes or where intrinsic product
attributes are too disparate to evaluate (Rao and Monroe 1988; Shimp and Bearden 1982).
According to Bensebaa (2004), cues for judging products or services may be intrinsic or
extrinsic. Intrinsic cues represent product-related attributes that cannot be manipulated
without altering the product’s physical properties. On the contrary, extrinsic cues are product-
related attributes external to the physical product (Richardson et al. 1994). Although intrinsic
cues play a major role in purchase decisions (Bensebaa 2004), the nature of services means
that consumers depend more on extrinsic cues than on intrinsic cues when purchasing
services.

In the hotel industry, there are two kinds of extrinsic cues: cues under the hotel’s control
(e.g. brand image, five-star rating systems and room rates) and cues outside the hotel’s control
(e.g. user-generated content). Research has shown that eWOM may be more relevant and
credible and may evoke more empathy in customers than information generated by marketers
on the Internet (Bickart and Schindler 2001; Gretzel and Yoo 2008; Park et al. 2007). This
preference arises because consumers suppose that consumer-generated content is more honest
(Park et al. 2007), is free from marketers’ interests and is user oriented (Bickart and Schindler
2001). Cox et al. (2009) showed that 73% of respondents prefer to read consumer reviews
about a hotel than to rely on a hotel’s description of itself. Five-star rating systems focus on
evaluating physical attributes but are not always reliable, and each country selects its own
ratings standards (Yacouel and Fleischer 2012). Many global hotel firms have thus



successfully built attractive company reputations and brand images to prospective consumers
when they consider purchasing a hotel service (Sun 2014).

Brand image, often defined as ‘perceptions about a brand as reflected by the brand
associations held in consumer memory’ (Keller 1993, p.3), is one of the most effective risk-
reducing strategies used by consumers (Roselius 1971). Consumers are likely to reduce
product performance risk by purchasing products from well-known brands. A brand name acts
as a cue for quality because potential consumers can make quality inferences based upon the
brand name (Zeithaml 1988). Therefore, because a brand name positively affects purchasers’
perceptions of product quality (Grewal et al. 1998), a favourable product brand image
positively affects purchase intentions (Keller 1993). Consumers are also more likely to shop
online for products with strong brand names (Lee and Tan 2003). In this vein, Loureiro and
Kastenholz (2011) argue that corporate reputation plays a pivotal role in customers’
perceptions of service performance capability and consequently leads to a reliable
representation of the service in the customer’s mind. If a service provider has a good
reputation, consumers tend to perceive it as having the ability to offer a good service.
Andreassen and Lindestad (1998) argue that a good corporate reputation helps to maintain
stable customer relationships and reduces quality uncertainty, thereby positively affecting
consumers’ purchasing intentions.

Crucially, well-established attitudes are resilient to change (Ahluwalia et al. 2000;
Pomerantz et al. 1995). Consumers are unlikely to change their attitudes towards familiar
brands (Hoyer and Maclnnis, 1997). Higher levels of brand familiarity, gained through direct
or indirect experiences, are associated with a well-developed knowledge structure about the
brand and its attributes (Alba and Hutchinson 1987). As reported by Sundaram and Webster
(1999), when the consumer has a pre-existing brand evaluation, the exposure of this brand to
WOM is unlikely to produce significant attitude changes. In contrast, East et al. (2008)
showed that positive comments increase customers’ purchasing intentions regarding a familiar
brand but that negative comments do not significantly decrease such intentions. Nonetheless,
consumers are more likely to change their attitudes towards less familiar brands when they are
exposed to new brand-related communications. Consumers that are less familiar with a brand
are more prone to processing new brand-related information and changing their brand
evaluations based on the nature of the information (Park and Lee 2009). In this sense,
Sundaram and Webster (1999) demonstrated that consumers’ evaluations of an unfamiliar
brand are more susceptible to change from WOM than their attitudes towards a familiar brand
are. Along the same lines, Vermeulen and Seegers (2009) showed that familiar hotel brands
are resilient to the effects of online hotel reviews. Online reviews improve awareness and
enhance persuasion more for lesser-known hotels than they do for well-known hotels.
Following this line of reasoning, we hypothesize the following:

H2a The higher the aggregate eWOM ratings of a hotel with a relatively poor reputation, the
greater the positive impact of such ratings on consumers.
H2b The lower the aggregate eWOM ratings of a hotel with a relatively poor reputation, the
greater the negative impact of such ratings on consumers.

3 Method

3.1 Procedure and data collection

To investigate the interplay between brand image and online reviews (eWOM), we conducted
two scenario-based experiments. This approach overcame the difficulties associated with
observing real decisions in the field, and reduced biases derived from memory lapses
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(compared to retrospective self-reports) (Grewal et al. 2008, p. 428). We designed scenarios
using real information from TripAdvisor (www.tripadvisor.com). TripAdvisor is one of the
world’s largest travel websites. It reaches 350 million unique monthly visitors and contains
more than 300 million reviews and opinions from real travellers, covering more than 6.2
million accommodations, restaurants and attractions (TripAdvisor, 2016). Recent research has
emphasized TripAdvisor’s growing importance for consumers with regard to online (user-
generated) reviews in the hospitality industry (Anderson 2012; Gretzel and Yoo 2008;
O’Connor 2010).

The first experiment followed a 2 (brand: Medium vs. Melid) x 2 (review rate: 3.5, 4.5)
within-subjects factorial experimental design, allowing us to test hypotheses 1 and 2. In this
experiment, hotel prices were held constant. To determine the potential effect of hotel prices
on the relationship between review ratings and purchase intention, we designed a second
experiment. The second experiment also had a 2 x 2 factorial design but, in this case, the hotel
room prices changed as well as ratings.

We collected data using an online survey, which has been successfully employed in recent
hospitality and tourism research (see Hung and Law 2011 for a review). One advantage of
online surveys is that they help to minimize social desirability bias (Duffy et al. 2005).
Nevertheless, they fail to prevent form response style bias. We therefore randomly presented
the different scenarios to respondents to avoid the tendency for respondents to agree with
items regardless of the content. In addition, we employed a reversed item to estimate brand
image (estimated with a multiple item scale), as per Vaerenbergh and Thomas’ (2013)
suggestions. The goal of the study was to identify relationships among variables, so we
followed Weijters et al.’s (2010) suggestions and used the endpoint-labelled 5-point rating
scale, which yields lower rates of acquiescence response style. The questionnaire was pre-
tested on a sample of 15 respondents. Based on the pre-test, tiny modifications were made to
improve the structure and flow of the questionnaire. The survey was launched in November
2014. The population comprised all Spanish Internet users aged 18 or older because these
consumers exhibit a tendency to book hotels online. Because of the absence of a list of
Spanish Internet users, however, we were unable to select our sampling elements directly
from the population. Consequently, we used a non-probabilistic sampling procedure —
convenience sampling — to collect our data. The survey was promoted through blogs, e-mail
and social networks. We administered the experiment online to make the stimulus material as
realistic as possible.

First, the survey asked respondents whether they had used the Internet to search for travel
information and/or whether they had bought any tourism service (e.g. flights, hotels) in the 12
months prior to the study. We included this question to ensure respondents were familiar with
recent Internet booking procedures and options. The survey ended immediately if respondents
answered negatively to this question. Participants were randomly assigned to one of the two
experiments. From the initial 405 respondents, 260 complete responses (125 in the first
experiment and 135 in the second experiment) were obtained.

3.2 Stimulus materials

We designed a stimulus to help respondents to form their booking intentions towards the
hotels. First, the questionnaire instructed respondents to imagine searching for a hotel for a
weekend stay (one night) in a well-known Spanish location and to decide between two hotels:
Melia Hotel and Medium Hotel. Both are hotel chains operating in the same segment in Spain,
although customers’ knowledge of each brand differs. Whereas Melid Hotel is a well-known
and familiar brand (it has forty-three hotels in Spain, with two in the chosen city), Medium
Hotel is not that popular (it has just four hotels in Spain, with only one in the chosen city).
Both hotels were well located in the city centre and had four stars according to the official
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hotel star ratings (from 1 to 5). These two conditions avoided any confounding effects that
might arise from location or category (which are common considerations when booking
hotels).

The questionnaire instructed respondents to look at different scenarios and explicitly
warned respondents that room prices and hotel ratings would change from one scenario to
another. This statement was included in the instructions to respondents to meet the threshold
of respondents’ perceptions regarding change in ratings and prices. Respondents were also
instructed to indicate their intention to book for each hotel in each scenario. The different
scenarios were based on real screen captures from TripAdvisor. We generated these captures
by searching for real hotels for a weekend stay in the chosen Spanish location. We then
manipulated the real capture to eliminate confounding factors: we fixed the recent opinion to
be the same in both hotels, and we eliminated any mention of location, special offers or
quality prizes.

In the first experiment, the two hotels had different (real) prices (56 Euros for Medium
Hotel and 93 Euros for Melia Hotel) in the initial condition, but equal review ratings (the
bubble rating and the thumb percentage). The bubble rating is an overall score accounting for
travellers’ ratings and reviews. It ranges from one bubble to five bubbles, where one bubble
means ‘terrible’ and five means ‘excellent’. The thumb percentage is the percentage of total
reviews rated 4 or 5. For both hotels, the initial condition set the bubble rating to 4.0 and the
thumb rating to 79%. For both hotel descriptions, respondents indicated their booking
intentions.

Next, four pairs of descriptions of the two hotels were presented. In the first and second
scenarios, the description of the Hotel Medium was set to the initial condition, but in the
description of the Hotel Melid, the average rating was manipulated to be higher than the initial
condition (91%; 4.5) in the first scenario and lower than the initial condition (63%; 3.5) in the
second scenario. In the third and fourth scenarios, the description of the Hotel Melid was set
to the initial condition, but in the description of the Hotel Medium, the average rating was
manipulated to be higher than the initial condition (91%; 4.5) in the third scenario and lower
than the initial condition (63%; 3.5) in the fourth scenario. Each respondent was exposed to
the five descriptions, the initial condition and the four scenarios. This experiment allowed us
to test hypotheses 1 and 2.

In the second experiment, the initial condition was the same as in the first experiment. Four
pairs of descriptions of the two hotels were presented. In the first and the second scenarios,
Hotel Medium’s description was set to the initial condition, but the average rating and room
prices were manipulated in Hotel Melia’s description to be higher than the initial condition
(91%; 4.5; 105 euros) in the first scenario and lower than the initial condition (63%; 3.5; 75
euros) in the second scenario. In the third and fourth scenarios, Hotel Melid’s description was
set to the initial condition, but in the description of the Hotel Medium, the average rating and
room prices were manipulated to be higher than the initial condition (91%; 4.5; 62 euros) in
the third scenario and lower than the initial condition (63%; 3.5; 49 euros) in the fourth
scenario. Thus, each respondent was exposed to the five descriptions, the initial condition and
the four scenarios.

Table 1 summarizes the different scenarios proposed in the two experiments.
Take in Table 1
Finally, respondents in both experiments answered control questions so that we could

check the effectiveness of the stimulus materials, the general brand image of the hotels and
respondents’ demographic profile.



3.3 Measures

All items were measured using 5-point scales. Booking intention was measured by asking
respondents for their level of intent to book a stay at each hotel (1 = strongly unlikely to 5 =
strongly likely) (Mauri and Minazzi 2013; Sparks and Browning 2011).

The study used two items to check the realism of the scenarios: ‘How would you describe
the realism of the scenarios presented?’ (1 = very unrealistic to 5 = very realistic) and ‘I have
no difficulty imagining this situation’ (1 = strongly disagree to 5 = strongly agree)
(Dabholkar and Bagozzi 2002). Finally, to verify respondents’ perceptions in terms of brand
image, the study used three items (1 = strongly disagree to 5 = strongly agree): ‘Melia Hotels
have a better brand image than Medium Hotels do’, ‘I can trust Melid Hotels more than I can
trust Medium Hotels’, and ‘Medium Hotels have a better reputation than Melia Hotels do’.
These scales were adapted from Seri¢ and Gil (2012).

4 Results

Table 2 contains descriptive information of the study sample. Most respondents were aged
between 35 and 54 (66.15%) and had an average monthly income of between 1,000 and 2,500
Euros (64.62%). Most respondents were university educated (87.69%). In terms of gender,
58.85% were men and 41.15% women. The Analysis of Variance (ANOVA) tests yielded no
differences in booking intentions in terms of age, gender or educational attainment in any
scenario. Regarding monthly income, ANOVA tests yielded no differences in most scenarios.

Take in Table 2

Manipulation checks indicated that the stimuli were effective in both experiments.
Respondents felt that the scenarios were realistic (Expl M = 3.61, SD = 0.85; Exp2 M = 3.53,
SD = 0.98), and they had no difficulty imagining the situation described (Expl M = 4.30, SD
= 0.83; Exp2 M = 4.16, SD = 0.96). Regarding brand image, we tested whether the average
response of the sample differed significantly from the mean value for the scale. For the first
two items, we tested whether the average response of the sample was significantly higher than
3 (i.e. the mean value for the scale). The first item stated, ‘Melia Hotels have a better brand
image than Medium Hotels do’ (Expl M = 3.91, SD = 1.02, t = 9.86; p < 0.00; Exp2 M =
3.96, SD =1.00, t=11.11; p < 0.00). The second item stated, ‘I can trust Melia Hotels more
than I can trust Medium Hotels’ (Expl M = 3.39, SD = 1.11, t = 3.91; p < 0.00; Exp2 M =
3.47, SD = 1.04, t = 5.24; p < 0.00). The third item was reversed, so we tested if the average
response of the sample was significantly lower than 3: ‘Medium Hotels have a better
reputation than Melid Hotels do’ (Expl M = 2.55, SD = 0.95, t = -5.21; p < 0.00; Exp2 M =
2.33, SD =0.97, t =-8.00; p < 0.00). In both experiments, results confirmed that Melid Hotels
had a better brand image and reputation than Medium Hotels did.

Table 3 shows the means for booking intentions by condition. The results indicated that
Medium Hotel achieved higher booking intention levels than did Melid Hotel in all the
scenarios presented in experiment 1, including the initial condition where average ratings
were set to equal levels in both hotels. Seemingly, the price effect was greater than the brand
effect was. This finding is consistent with previous research indicating that less expensive
hotels tend to receive more online bookings (Ye et al. 2011). In experiment 2, the results also
indicated that Medium Hotel achieved higher booking intention levels than did Melia Hotel in
the initial condition where average ratings were set to equal levels. Furthermore, Medium
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Hotel achieved higher booking intention levels than Melia Hotel did in all scenarios, except
scenario 1.

Take in Table 3

Hypotheses 1a and 1b postulate that booking intentions are higher (lower) when average
ratings (eWOM) increase (decrease). These hypotheses were tested in experiment 1, where
hotel prices were held constant. We performed t-tests to compare initial conditions to the four
scenarios (see Table 4). As the scores in the five conditions in experiment 1 were from the
same subjects, we used correlated t-tests. Responses indicated that when average ratings were
high (low), booking intentions were significantly higher (lower) than they were for initial
conditions. All t-values were significant (p < 0.001), thereby supporting hypotheses 1a and
1b. This result supports the idea that review ratings have an effect on purchase intention. As
Chevalier and Mayzlin (2006) state, online consumer reviews affect consumer decision-
making and purchasing processes. This result is especially important in the context of tourist
services, where the consumer cannot asses the quality of the service before consuming the
service.

To analyse the conjoint effect of hotel prices and review ratings, experiment 2 was
designed so that the hotel room prices changed as well as ratings. As in experiment 1,
responses indicated that when average ratings were high, booking intentions were
significantly higher than they were for initial conditions. All t-values were significant (p <
0.01). When average ratings were low, however, although booking intentions were lower than
they were for initial conditions, not all t-values were significant. Notably, the difference was
not statistically significant (t = -0.09; p > 0.01) in the case of low average ratings for Melid
Hotel. This result implies that when the rating is low, Melia Hotel can offset the expected
lower booking intention by reducing its prices.

Take in Table 4

Hypotheses 2a and 2b posit that while eWOM always affects booking intentions, this effect
should be stronger in the case of Medium Hotel because its brand image was worse than
Melid Hotel’s. To avoid confounding price effects, these hypotheses were tested with
experiment 1, where hotel prices were held constant in all scenarios. We first performed
correlated t-tests to compare booking intentions between the two hotels in the four scenarios
(see Table 5). The results indicated that Medium Hotel achieved higher booking intention
levels than did Melid Hotel in all scenarios, except scenario 1 in experiment 2. Hotel mean
differences were significant in all scenarios (p < 0.00). Once the differences between the hotel
booking intentions were confirmed, we performed t-tests to determine whether the effect of
increases (decreases) in average ratings differed depending on the hotel examined (i.e. brand
reputation effect). We compared scenario 1 with scenario 3 and scenario 2 with scenario 4 to
check for significant differences between the mean differences. The survey data indicated that
when average ratings increased (decreased), the positive (negative) effect on Medium Hotel
was greater than it was on Melia Hotel, thereby supporting hypotheses 2a and 2b (see the last
column in Table 5). The same results apply in experiment 2. This finding is consistent with
previous research showing that familiar hotel brands are more resilient to review effects than
unfamiliar brands are (Chatterjee 2001; Vermeulen and Seegers 2009).

Take in Table 5

11



5 Discussion and conclusions

Information and communication technologies (ICTs) have been revolutionizing the tourism
industry since the 1980s (Buhalis and Law 2008; Leung et al. 2013), thereby positively
contributing to the hospitality industry (Ruiz-Molina et al. 2011). Growing numbers of
travellers use the Internet to book hotel rooms via third-party intermediaries (Line and
Runyan 2012) that let users exchange information through eWOM. These infomediaries
usually post both statistical and narrative consumer reviews.

Consumers’ quantitative assessment of their experience is an important cue that supports
decision-making by potential consumers (Chen 2008), especially when selecting hotel
consideration sets (Viglia et al. 2014). This rating summarizes the narrative review and
provides potential customers with a shortcut to assessing and evaluating a product or service
(Tsang and Prendergast 2009). Along with this information, traditional marketing signals such
as brand image still affect consumer behaviour. However, despite the ever-growing literature
in this field, no studies have yet focused on analysis of the combined effects of ‘new’
information cues (online reviews) and ‘traditional’ information cues (brand image) on
booking intention. Thus, this study’s aim was to analyse how aggregate consumer ratings
affect hotel booking intentions, considering the role of brand image.

Our results for an online experiment with Spanish consumers reveal that purchase
intentions depend on the eWOM gathered. Notably, hotel ratings modify consumers’ purchase
intentions. Furthermore, brand image plays a significant role in this relationship. Specifically,
eWOM’s effect on consumer purchase intentions is higher (lower) for hotels with a poorer
(better) brand image. Results also show that price can potentially counteract the negative
effect of poor hotel ratings.

4.1 Contributions to scholarship

The findings of this research confirm the persuasive effect and the detrimental impact of high
and low ratings, respectively, on consumers’ purchase intentions (Chatterjee 2001; Sparks and
Browning 2011; Ye et al. 2011) because hotel aggregate ratings and hotel booking intentions
are positively related.

Our findings highlight the importance of eWOM in the tourism industry, reinforcing the
belief that online consumer reviews significantly affect consumer decision-making and
purchasing processes (Chevalier and Mayzlin 2006). Understanding how eWOM affects
customers’ behaviour and interacts with other cues is a major challenge for academics.
Nevertheless, the literature largely neglects the potential influence of other variables and their
interactions with eWOM, and few studies have actually analysed the effects of interactions
between eWOM and other cues (e.g. Ho-Dac et al. 2013; Lovett et al. 2013; Noone and
McGuire 2014). The current study contributes to this research stream by analysing the
interactions between eWOM and brand image and price. First, results suggest that a strong
hotel brand means that the hotel’s customers are less sensitive to aggregate customer ratings.
Likewise, eWOM matters less in the presence of a strong brand. Consistent with previous
research on persuasive communication, our findings show that strong attitudes are resilient to
change (Ahluwalia et al. 2000; Pomerantz et al. 1995). This finding is consistent with prior
research findings in this field (Ho-Dac et al. 2013; Vermeulen and Seegers 2009). Consumers
feel assured of obtaining high-quality service and reduce their perceptions of risk if they
choose a highly reputable hotel (Sun 2014). In fact, a service provider’s reputation is based on
the service provider’s ability to supply high-quality products or services. Thus, brand image is
still a relevant factor in establishing customer relationships. Second, although Chang and
Wildt (1994) suggest that the effect of price on quality perceptions varies inversely with the
perceived information value of other available cues, our findings show that price potentially
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counteracts the negative effect of poor hotel ratings. When the brand’s online reputation (i.e.
the brand’s rating) is low, a reduction in price can offset the expected lower booking
intention.

4.2 Managerial implications

Representing a powerful new communication and distribution channel for travel suppliers, the
Internet has altered both the tourism industry and travellers’ behaviour (Buhalis and Law
2008). Tourists have high expectations for service quality and accommodation experiences
(Tang et al. 2015) and form these expectations using intrinsic and extrinsic cues that indicate
likely performance standards (Gould-Williams 1999). Today’s consumers trust websites with
reviews more than they trust professional guides and travel agencies, which are in turn more
credible and trustworthy than traditional marketing communications (Akehurst 2009).
Through websites like Tripadvisor.com, travellers can comment on products and destinations
they have experienced. Consumer-generated online reviews inform and influence future
travellers, who consider this information when making their purchase decisions (Gretzel and
Yoo 2008; Jang et al. 2012; Xiang and Gretzel 2010). In fact, reading other consumers’
comments is one of the most common online travel-related activities. Thus, understanding
how this peer-generated information influences consumer behaviour represents a key
challenge for managers. The findings of our study have several managerial implications.

The first managerial implication is that hotel managers should encourage positive
consumer assessments and improve low ratings by providing a high level of service quality
and by performing satisfactory and timely service recoveries (Zeithaml et al. 2006).
Furthermore, hotel managers should monitor consumers’ detailed online reviews to
understand consumers’ criticisms of the hotel. Managers can then draw on information from
positive reviews and develop actions to defend the hotel from negative reviews. Examining
the drivers of negative online reviews is essential to learn from mistakes and identify areas for
improvement. Managers can also understand the type and standard of service that consumers
expect (Mauri and Minazzi 2013). Implementing the right type of customer expectation
management is crucial because overselling the qualities of a product or service might prove
counter-productive (Kostyra et al. 2016).

Proper eWOM management mainly benefits lesser-known hotels because the gain or loss
from eWOM improvement or deterioration is much greater for lesser-known hotels than it is
for hotels with strong brand images. Hence, although small hotels are less resource rich than
larger hotels are, small firms can use their proximity to the consumer and their ability to
quickly adapt to capitalize on eWOM'’s effects. The challenge is to achieve a high initial
rating to overcome the brand’s deficit. Thus, stimulating satisfied customers to share their
experience is important (Bigné et al. 2015), as is preventing negative eWOM, particularly
because an unsatisfactory experience provokes more eWOM than a satisfactory experience
does (Terblanche 2015).

According to Ho-Dac et al. (2013), greater positive eWOM aids a brand’s transition from
weak to strong by creating a positive feedback loop between sales and positive eWOM.
Building a strong brand image is imperative for hotel managers (Sun 2014). Brand image is a
crucial factor that determines perceived quality, satisfaction and loyalty (i.e. intention to
return, recommend and even pay more) (Loureiro and Kastenholz 2011). Loyal customers
who stay with a brand because of emotional benefits are more likely to ignore both other
brands and negative eWOM related to their preferred brand (Kostyra et al. 2016). One way to
strengthen the relationship between a brand and its audience is to employ social media, which
can strengthen the relationship with customers and build brand loyalty. Finally, managers can
use ratings as an indicator for price changes because price reductions can offset a decline in
ratings.
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4.2 Limitations and future research

Like all studies, this research has some limitations. First, existing research has examined
many other factors that relate to the influence of eWOM on hotel performance. These include,
among others, additional secondary data on reviews (e.g. volume of reviews, written
comments or valence) and reviewers’ expertise with the product. Future research should
investigate whether these factors influence the relationships found herein and which ones are
most influential at different purchase stages. A second limitation relates to the sample used in
this study. Our results are limited to responses from online travel consumers in Spain, and
caution must be exercised in any attempt to generalize the results to other populations and
settings. Future research should replicate this study in other cultural contexts to validate our
findings.
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Table 1
Summary of scenarios

Experiment 1 (N = 125) Experiment 2 (N = 135)
Thumb % Bubble rating Price (€) Thumb % Bubble rating Price (€)
MED MEL MED MEL MED MEL MED MEL MED MEL MED MEL
Initial 79%  79% 4 4 56 93 79%  79% 4 4 56 93

Condition
Scenario 1 79%  91% 4 4.5 56 93 79%  91% 4 4.5 56 105

Scenario 2 79%  63% 4 3.5 56 93 79%  63% 4 3.5 56 75
Scenario 3 91%  79% 45 4 56 93 91% 79% 4.5 4 62 93
Scenario 4 63%  79% 3.5 4 56 93 63% 79% 3.5 4 49 93
Notes: MED-Medium Hotel; MEL-Melia Hotel. The bubble rating is an overall score reflecting travellers’
ratings and reviews. It ranges from one bubble to five bubbles, where one bubble means ‘terrible’ and five means
‘excellent’. The thumb percentage is the percentage of total reviews rated 4 or 5.
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Table 2

Descriptive profile of respondents

Overall Experiment 1 Experiment 2

Characteristics N =260 % N=125 % N=135 %
Age

18-24 15 5.77 8 640 7 5.20

25-34 55 21.15 25 20.00 30 22.20

35-44 104 40.00 53 4240 51 37.80

45-54 68  26.15 29 23.20 39 28.90

>55 18 6.92 10  8.00 8 5.90
Gender

Male 153  58.85 72 57.60 81 60.00

Female 107  41.15 53 4240 54 40.00
Education

Completed primary and secondary education 32 1231 15 12.00 17 12.59

Undergraduate and graduate degree education 228 87.69 110 88.00 118 87.41
Monthly household income

Below €600 25 9.62 11 8.80 14 10.37

€600—€999 18 6.92 9 720 9 6.67

€1,000-€1,499 54 20.77 28 2240 26 19.26

€1,500-€2,500 114 4385 53 4240 61 45.19

More than €2,500 49 18.85 24 19.20 25 18.52
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Table 3

Means and standard deviations of booking intention by scenario

Experiment 1 (N = 125)

Experiment 2 (N = 135)

Medium Melia Difference Medium Melia Difference

Initial Condition 4.08 (0.97) 241 (1.15) 1.67(1.69) 4.30(0.87) 2.24(1.07) 2.06(1.48)
Scenario 1 3.86 (1.00) 2.78 (1.24) 1.08 (1.81) 2.25(1.24) 4.08(0.89) -1.83(1.69)
Scenario 2 4.16 (0.95) 1.85(1.04) 2.31(1.60) 4.30(0.85)  2.15(1.00) 2.15(1.40)
Scenario 3 4.46 (0.87) 2.17(1.06)  2.29 (1.59) 446 (0.78)  2.02(1.00) 2.44(1.33)
Scenario 4 3.30 (1.05) 2.74 (1.12)  0.56 (1.83) 3.65(1.10)  2.53(1.14) 1.12 (1.91)
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Table 4
Effects of changes in ratings on booking intention: mean differences and p-values

Experiment 1 (N = 125) Experiment 2 (N = 135)
Highest average Lowest average Highest average Lowest average
rating rating rating rating
MED MEL MED MEL MED MEL MED MEL
. . 0.38 -0.78 0.16 -0.65
Initial Condition MED (0.00) (0.00) (0.00) (0.00)
o . 0.37 -0.56 1.84 -0.09
Initial Condition MEL (0.00) (0.00) (0.00) (0.25)

Notes: MED-Medium Hotel; MEL-Melia Hotel. Initial condition: 79% thumb rating and 4.0 bubble rating.
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Table 5

Effects of average ratings on booking intention moderated by brand image

Experiment 1 (N = 125)

Hotels mean difference (SD) Scenarios mean difference (SD) t value (p value)
Scenario 1 1.08 (1.81)
- 1.21(1.32) 10.22 (0.00)
Scenario 3 2.29 (1.59)
Scenario 2 2.31 (1.60)
- 1.75 (1.57) 12.44 (0.00)
Scenario 4 0.56 (1.83)
Experiment 2 (N = 135)
Hotels mean difference (SD) Scenarios mean difference (SD) t value (p value)
Scenario 1 -1.83 (1.69)
- 4.27 (2.65) 18.71 (0.00)
Scenario 3 2.44 (1.33)
Scenario 2 2.15 (1.40)
- 1.03 (1.82) 6.57 (0.00)
Scenario 4 1.12 (1.91)
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